Acute myeloid leukemia (AML) is a heterogeneous form of cancer, and it is one of the dominant causes of malignancy-related mortality in patients younger than 35 years old. Therefore, the treatment must be selected based on risk stratification. However, the methods to predict the clinical outcomes of AML are insufficient. Long non-coding RNAs (lncRNAs) are unable or barely able to code for proteins and have attracted remarkable interest because of their involvement in malignancies. Previous studies have proven that some lncRNAs contribute to the development and clinical outcome of AML. Our study constructed a risk stratification system for AML that will facilitate the prediction of clinical outcomes.
Background
Acute myeloid leukemia (AML) is a common form of leukemia and it is a major contributor to malignancy-related mortality in people younger than 35 years [1, 2] . The treatment for AML is mainly chosen according to cytogenetics, which represents the risk status [1] . Although there has been huge progress in the area of risk stratification, some patients with few risk factors ultimately encounter recurrence [3] . Hence, it is crucial to elucidate the effective markers to improve prediction of the clinical outcome of AML.
Long non-coding RNAs (lncRNAs) have poor or no capability for coding proteins and they have been recently proven to contribute to malignancies. It has been recently demonstrated that lncRNAs display various biological activities and their abnormal expression is related to the development and clinical outcome of human cancers such as AML; therefore, it can be used as a diagnostic marker [4] [5] [6] [7] .
Our research aimed to construct an lncRNA risk stratification system to facilitate the prediction of the clinical outcome of AML. We carried out AML-related RNA sequencing (RNA-seq) with the help of published data from the Cancer Genome Atlas (TCGA) projects. With the help of the sample splitting approach and Cox regression analysis, we designed and verified a prognostic 10-lncRNA signature-based risk system to elucidate the relationship between the clinical outcome of AML and lncRNAs.
Material and Methods
Acquisition of publicly available data from TCGA The AML-related RNA-seq data set and specific clinical information of the follow-up patients were acquired from the TCGA database. We obtained the information of 139 patients who were additionally randomly selected into a training group (n=71, to examine the crucial lncRNAs), as well as testing group (n=68, to confirm the lncRNA signature) and the entire 139-patient cohort. We obtained 14 376 lncRNA profiles from all of the participants and they were normalized among specimens. The terminal expression of lncRNAs was determined as log 2 (X+1) of the raw expression level.
Expression levels of lncRNA in patients with AML
Since the expression of lncRNAs is comparatively repressed, it could not be not clearly profiled using lncRNA sequencing. Hence, in our study, we categorized lncRNAs as abundantly expressed if their expression levels were above zero and they occurred in over half of the total specimens.
Examination and choice of prognostic associated lncRNA
The relationship between abundantly expressed lncRNA and overall survival of AML patients was evaluated using the training group. Our research selected target lncRNAs to find ones that are most closely associated with the clinical outcome to promote reliability and feasibility.
Construction and validation of the risk score formula A risk score system was constructed by enrolling every lncRNA associated with the clinical outcome in the training group. The risk score for every participant in the training group was evaluated according to the formula and, based on the result, the patients were categorized into high-risk or low-risk groups. The risk score system was additionally validated via fitting using the confirmation group and the complete group.
Statistical analysis
We assessed the capacity of all the lncRNAs to predict eventfree survival (EFS) of the patients via univariate Cox regression evaluation, which was examined between lncRNA expression displayed as log 2 (X+1) and patient EFS as years. lncRNAs were regarded as significantly related to survival if P<0.05. The best lncRNAs were chosen by utilizing the minimal AIC criterion, which relies on robust likelihood-based survival modeling and was carried out with the help of R and Rbsurv packages [8, 9] . Univariate analysis and multivariate analysis for overall survival were conducted for clinical variants and genetic mutations in all 139 cohorts. The chosen lncRNAs underwent subsequent Cox regression assessment and the risk score was built by evaluating the regression coefficients in the multivariate Cox regression and lncRNA expression. Median risk score was chosen in the training group in the form of a cut-off and, using that, the patients were categorized into a low-risk group and a high-risk group. Kaplan-Meier analysis was used to evaluate survival distinction between low-risk and high-risk patients in the training and confirmation groups. Specificity and sensitivity of lncRNA expression signature was assessed by calculating the area under the curve (AUC) of 5-year EFS. ROC, Cox regression analysis and Kaplan-Meier survival assessment was carried out using R statistical software (version 3. 
Results

Examination and selection of the lncRNAs associated with clinical outcome
We selected 7830 lncRNAs expressed in all AML patients from a pool containing 14 376 lncRNAs, as mentioned in our protocol. The remaining specimens were randomly divided into 5000 a training group and a testing group. Univariate Cox regression assessment of the training group revealed distinctly expressed lncRNA (all with P<0.01), which were later recognized as target lncRNAs. Finally, 10 lncRNAs associated with the clinical outcome were selected via robust likelihood-based survival analysis from the identified target lncRNAs ( Table 1) . We subsequently examined the 10-lncRNA signature risk system of every participant in the training group and ranked them based on the risk scores. Patients were consequently categorized into high-risk and low-risk groups. AML survival was negatively related to risk scores (Figure 2A) . To examine the specificity and sensitivity of the survival prediction, ROC assessment was carried out for the 10-lncRNA risk score. The majority of the cut-off points arrived at a precise classification and the AUC was 0.8765 ( Figure 2B ). The best cut-off point was chosen as -6.8066, which displayed the highest sensitivity and specificity. Participants were additionally categorized into high-risk (n=36) and low-risk (n=35) groups based on the best cut-off point. The Kaplan-Meier curve and log-rank test suggested a remarkable distinction in survival between risk groups ( Figure 2C, P<0.0001 ).
Survival prediction using the 10-lncRNA signature-based risk score
We verified the 10-lncRNA signature in the whole group and the testing group to ascertain our outcome of the risk system. 
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Patients in the whole group were classified into high-risk (n=64) and low-risk (n=75) groups, with the best cut-off point chosen using identical formula. Consistent with our previous findings, Kaplan-Meier curves displayed a remarkably longer survival for the low-risk AML patients in comparison to the high-risk participants (P<0.0001) ( Figure 3A ). The separation of the testing group according to the best cut-off point resulted in a high-risk group containing 28 patients and a low-risk group consisting of 40 patients. Although the sample sizes were unequal, survival assessment displayed similar outcomes (P<0.05) ( Figure 3B ).
Discussion
We selected 10 lncRNAs associated with AML survival -DIRC3-AS1, AC004223.2, AC067735.1, AL355353.1, AL645608.1, AC025430.1, AF064858.2, AL645608.5, FP671120.3, and AC107398.3 -from the training group. We generated a 10-lncRNA risk scoring system based on Cox coefficients. Furthermore, we revealed the best cut-off points to enable the categorization of patients as high risk and low risk using ROC assessment. In addition, not only did we establish a risk score formula, but also confirmed the best cut-off point in an internal examination group apart from the complete group. Patients suffering from AML with elevated risk score displayed 
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poorer survival and higher mortality. Our findings indicated that lncRNAs were essential contributors to etiology, development, and clinical outcome of AML.
It has been shown previously that several lncRNAs can predict the outcome of AML, including CRNDE and HOTAIRM1 [10, 11] . However, these lncRNAs displayed a subtype specific expression pattern and were more appropriate for categorization of the disease state instead of the clinical outcome. In our study, we revealed 10 lncRNAs associated with clinical outcome with noticeably distinct expression in AML patients from the training group. Nevertheless, further studies are required to confirm the specific lncRNA used to predict clinical outcome. DIRC3. AS1 was the only real lncRNA out of the 10 that was not accepted widely. Our research proved its malfunction as well as its correlation with lower mortality and longer survival of patients with AML. We believe this is the first study to reveal its promising impact on malignancy outcome to our knowledge. Nevertheless, the understanding of the exact mechanism is inadequate and requires additional investigation.
The 10-lncRNA signature risk system was additionally generated relying on the lncRNAs associated with the clinical outcomes. A remarkable distinction was revealed in the survival curve between the high and the low scores, which apply to the risk score in the TCGA training group. Patients with elevated 10-lncRNA signature risk score are more likely to have shorter survival and poorer prognosis than those with low scores. Our research additionally stressed the importance of lncRNA-based risk scoring in malignancy outcome studies. Furthermore, this method circumvents the challenges in interpreting individual genes. Our research revealed the best cut-off point for various risk groups, producing remarkably distinct survival results. This cut-off value offered an innovative approach to assess patients and to predict clinical outcomes. We confirmed that the risk score system was reliably reproducible when used for predicting the survival outcomes of the complete group as well as the TCGA examination group. However, we could not assess the cause-effect link between AML outcome and the modeled risk score in this work. Consequently, further research is required to confirm the risk system using lncRNA expression signatures. As it is not enough to investigate the lncRNA signature of AML, more attention should be given to the evaluation of the 10-lncRNA signature.
Conclusions
We examined 10 lncRNAs associated with the clinical outcomes of AML. The predictive target genes and biological activities of the lncRNAs provided additional insight into the contribution of lncRNAs in AML development. We also established a 10-lncRNA expression signature-reliant risk score system that can predict AML survival. We believe that this approach is a promising and innovative strategy for the prediction of clinical outcome and treatment of patients with AML.
